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ChatGPT Sprints to
One Million Users

Time it took for selected online services
to reach one million users

Launched

Netflix 1999 — 3.5 years
Kickstarter 2009 || | Y 25 years
Aironb* 2003 || Y 25 years
Twitter 2005 ||| Y 2 years
Foursquare™ 2009 _ 13 months
Facebook 2004 [ 10 months
Dropbox 200¢ [JE 7 months

spotify 2005 [ 5 months O~ ~0~

Instagram™* 2010 [ 2.5 months Dﬁ.gﬁ

ChatGPT 2022 |5days

* one million backers ** one million nights booked *** one million downloads
Source: Company announcements via Business Insider/Linkedin
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Time to Reach 100M Users

E Months to get to 100 million global Monthly Active Users
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23.01 Bill Gates, and I'm back for my 11th AMA. Ask Me
& Anythlng

er DLC is coming to Steam! ) Wishlist now to don't miss
! In Animal Shelter - Horse Shelter DLC you take care of
nimal shelter. §& Open your own horse
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Bill Gates said artificial intelligence is "quite revolutionary" in his
annual Reddit AMA session.

In contrast, the Microsoft cofounder appeared lukewarm about
Web3 and the metaverse.

He also said he was impressed with OpenAl's ChatGPT platform,
which has been making waves recently.
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GPT-3 Codex GPT-3 Codex
2009 3 S B KISLABS QI313 D<o Al stol ZE2lsel ZA=2or S0 Launched in March 2089, KISLAB is a place where researchers who are
CHEt A2 20D QU= WIRAS0 2 ASEHN SPE 285 A(B)ULICH. ZAl interested in the application of information technology to management can
KISLABS 2 Q| ZI&t0ILt ZPICHED HIZLIAITHSHEIRO SH2HSH JAAE 2D gather and freely conduct research under the guidance of Professor
ol olbl CHErRIMS0| QUCHD, HAHE KISLABS FlZm0l SH3i® Dol 2ot Hyunchul Ahn. If there are any prospective graduate students who are
SLICtH. interested in joining KISLAB or pursuing a degree at Kookmin University's
Graduate School of Business and IT, please do not hesitate to contact
KISLAB's supervisor, Prof. Hyunchul Ahn.
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ﬂ Please summarize five recent prior studies on fake news detection using deep learning.

B

"A Comparative Study of Deep Learning Approaches for Fake News Detection" (2020)
by Bhatt et al.: This study compares different deep learning approaches, including
Convolutional Neural Networks (CNN), Recurrent Neural Networks (RNN), and
transformers, for fake news detection. The authors evaluate the performance of these
approaches on two benchmark datasets and find that transformers outperform the
other methods.

2. "Detecting Fake News with Deep Learning" (2020) by Akhtar et al.: This study
proposes a deep learning-based framework for detecting fake news on social media.
The framework includes a combination of Convolutional Neural Networks (CNN) and
Long Short-Term Memory (LSTM) models. The authors evaluate their framework on
two benchmark datasets and report high accuracy and F1 scores.

3. "A Deep Learning-Based Approach for Fake News Detection” (2020) by Pal and Saha:
In this study, the authors propose a deep learning-based approach for fake news
detection that combines a CNN and a Bidirectional LSTM (BiLSTM) model. The
authors evaluate their approach on a benchmark dataset and report high accuracy
and F1 scores.

4. "Deep Learning for Fake News Detection: A Survey" (2021) by Chakraborty et al.: This

study provides a comprehensive survey of deep learning-based approaches for fake

news detection. The authors review different deep leaming models, including CNN,

RNN, transformers, and hybrid models, and evaluate their performance on various
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Please provide their bibliographical information including author names, journal name,
title, and main idea.

1. Bhatt, U., Dave, M., & Shah, A. (2020). A comparative study of deep learning

approaches for fake news detection. Procedia Computer Science, 173, 263-268.

The main idea of this study is to compare the performance of different deep learning
approaches for detecting fake news, including Convolutional Neural Networks (CNN),
Recurrent Neural Networks (RNN), and transformers. The authors evaluate the
performance of these approaches on two benchmark datasets and find that transformers

outperform the other methods.

2. Akhtar, W, Ali, H., Hassan, N. U., & Nazir, M. (2020). Detecting fake news with deep
learning. Procedia Computer Science, 175, 424-431.

In this study, the authors propose a deep learning-based framework for detecting fake
news on social media. The framework includes a combination of Convolutional Neural
Networks (CNN) and Long Short-Term Memory (LSTM) models. The authors evaluate

their framework on two benchmark datasets and report high accuracy and F1 scores.

3. Pal, A, & Saha, S. (2020). A deep learning-based approach for fake news detection.
Procedia Computer Science, 171, 262-269.
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Please summarize the paper titled "Deep learning models for bankruptcy prediction
using textual disclosures” published in Omega in 2019 written by Mai et al.

The paper "Deep learning models for bankruptcy prediction using textual disclosures” by
Mai et al. (2019) proposes a new approach for predicting bankruptcy using deep

learning models applied to textual disclosures in financial reports.

The authors use a dataset of 7,194 companies over a period of 17 years, and extract
textual disclosures from 10-K filings using natural language processing techniques. They
use a pre-trained language model, BERT, to encode the textual data and train various
deep learning models, including convolutional neural networks (CNNs) and recurrent

neural networks (RNNs), to predict bankruptcy.

The results show that the proposed approach outperforms traditional bankruptcy
prediction models that rely on financial ratios and other numerical data. The best-
performing model is a CNN that uses BERT-encoded textual data as input, which
achieves an accuracy of 94.68% and an F1-score of 0.92. The authors also perform a
feature importance analysis, which shows that the most important textual features for

predicting bankruptcy are related to liquidity, debt, and profitability.

Overall, the paper highlights the potential of using deep learning models and natural
language processing techniques to improve bankruptcy prediction using textual
disclosures. The findings suggest that textual disclosures can provide valuable
information for predicting bankruptcy, complementing traditional financial ratios and

numerical data.
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Chat with any PDF

PDF size is limited to 200 pages due to high demand. For more. use your own key.

A chatting PDF? Why?

This is the age of the Al revolution!
Intelligence will be free and ubiquitous
soon, restructuring our society and

enabling new possibilities of interaction.

With ChatPDF, your documents are
becoming intelligent! Just talk to your
PDF file as if it were a human with
perfect understanding of the content.

B4

Drop PDF here

What is this useful for?

It works great to quickly extract
information from large PDF files. Try
talking to manuals, essays, legal
contracts, books or research papers.

ChatPDF can not yet understand images
in PDFs and might struggle with
«questions that require understanding
more than a few paragraphs at the same
time.

How does it work?

The PDF is analyzed first to create a
semantic index of every paragraph.
When asking a question the relevant
paragraphs are presented to the
ChatGPT API.

Your data is saved in a secure cloud
storage and deleted after 7 days.

Chat with ESWA2021.pdf

Hello there! | am a helpful PDF file that discusses a link2vec-based fake news
detection model using web search results. This model is designed to
automatically detect fake news using artificial intelligence and machine learning,
which is crucial in preventing the spread of fake news in today's world.

Here are three example questions you may have about this PDF file:
B> What is link2vec and how does it contribute to the fake news detection

model?
B> How does the model use web search results to detect fake news?

B> Can you explain the feature selection process used in the model?
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Please proofread the following paragraph:

Not surprisingly, it is a well-known fact that customer defaction is a universally spread
phenomenon [10], even before COVID-19, and firms should carefully treat the customers
for their profit. In a saturated market, maintaining customers with a certain degree of
satisfaction is the way of sustaining business. Under this circumstance, acquiring new
customers lead to severe competition, and its cost is higher than the retention effort
[11]. Reichheld and Sasser [11] and Reichheld [12] support this argument. They found
that small changes in retention ratio trigger significant changes in profit due to existing
customers’ higher loyalty. For this reason, firms have adopted customer retention as a
vital strategy and set it as a top business priority to ensure sustainable profit [10,13-16],
especially in the matured market [17]. These research results indicates that customer
acquisition are financially ineffective.

Please proofread the following paragraph:

Not surprisingly, it is a well-known fact that customer defection is a universally spread
phenomenon [10], even before COVID-19, and firms should carefully treat their
customers for their own profit. In a saturated market, maintaining customers with a
certain degree of satisfaction is key to sustaining business. Under these circumstances,
acquiring new customers leads to severe competition, and its cost is higher than
retention efforts [11]. Reichheld and Sasser [11] and Reichheld [12] support this
argument. They found that small changes in retention ratio trigger significant changes in
profit due to existing customers' higher loyalty. For this reason, firms have adopted
customer retention as a vital strategy and have set it as a top business priority to ensure
sustainable profit [10,13-16], especially in mature markets [17]. These research results

indicate that customer acquisition is financially ineffective.
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Individual beliefs about technology use have been shown to have a profound impact on
subsequent behaviors toward information technolegy (IT). This research note builds
upon and extends prior research examining factors that influence key individual beliefs
about technology use. It is argued that individuals form beliefs about their use of
information technologies within a broad milieu of influences emanating from the
individual, institutional, and social contexts in which they interact with IT. We examine
the simultaneous effects of these three sets of influences on beliefs about usefulness
and ease of use in the context of a contemporary technology targeted at autonomous
knowledge workers. Our findings suggest that beliefs about technelogy use can be
influenced by top management commitment to new technology and the individual
factors of personal innovativeness and self-efficacy. Surprisingly, social influences from
multiple sources exhibited no significant effects. Theoretical and practical implications

are offered. - - “—l o
- =2 P
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%10 J-.Q._EE 7=
This research note epres the é & hclt-ivga'f bRep.h raseJ
information technology (IT), and expands on previous research by examining factors that

ranhraca the -',-\H.. e e s
ephrase the follow g parag

influence these beliefs. The study argues that an individual's beliefs about technology
use are shaped by a range of influences from their personal, institutional, and social
contexts. The research investigates the impact of these three sets of influences on beliefs
about usefulness and ease of use in the context of a contemporary technology targeted
at autonomous knowledge workers. The study reveals that top management
commitment to new technology, personal innovativeness, and self-efficacy can influence
beliefs about technology use, while social influences from various sources had no
significant effect. The study provides both theoretical and practical implications for
understanding and influencing beliefs about technology use.
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m Please summarize the following text t into 300 words:

Sustainability consists of three pillars, economy, society, and the environment [1].
Customer retention can be involved in the economic pillar, for the economic aspect of
sustainability looks forward to improving the financial performance [1]. Berry [2] argued
that the relationship marketing scope should be extended and include targeting

ﬂ‘ Please extract five key words from the following text:

Sustainability consists of three pillars, economy, society, and the environment [1].
Customer retention can be involved in the economic pillar, for the economic aspect of
sustainability looks forward to improving the financial performance [1]. Berry [2] argued
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| am aoina to conduct research on the factors that affect users' acceptance of

conversational Al services from the iy pe specuve. vvnal fact

From an MIS (Management Information Systems) perspective, some factors that

affect users' acceptance of conversational Al services are:

1. Perceived usefulness: Users are more likely to accept conversational Al service
perceive them as useful in achieving their goals or tasks. This could include fe
such as personalized recommendations, faster response times, or more accurz

information.

2. Perceived ease of use: Users are more likely to accept conversational Al servic

they find them easy to use and navigate. This could include factors such as a
and intuitive user interface, clear and concise instructions, or contextual help.

Trust: Users' trust in the conversational Al service can play a major role in acc

(98]

Trust can be influenced by factors such as transparency in how data is collect:

used, security and privacy safeguards, and accuracy in providing information «
=

<32t 4>

7. Perceived risks: Users may also consider potential risks associated with using tt

completing tasks.

conversational Al service, such as data breaches, inaccuracies, or technical failu
Mitigating perceived risks through effective security and privacy measures, acct
information and responses, and reliable technical support can help increase

acceptance.

These factors can vary depending on the context and the specific type of conversational

Al service being considered.
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8. Personalization: Users may be more likely to accept conversational Al services that are

personalized to their individual needs and preferences. This could include features
such as personalized recommendations or conversational flows that adapt to the
user's previous interactions with the service.

Familiarity with technology: Users' familiarity with technology and their digital literacy
can also impact acceptance. Users who are more comfortable with technology may
be more likely to accept conversational Al services, while those who are less
comfortable may be more hesitant.

Perceived control: Users may also value a sense of control over their interactions with
conversational Al services. Providing options for users to customize their interactions
or adjust settings can help increase their sense of control and ultimately their
acceptance.

Feedback and improvement: Users may be more likely to accept conversational Al
services that continuously improve and incorporate user feedback. Regular updates,
bug fixes, and new features can help demonstrate that the service is responsive to

user needs and concerns.

. Organizational support: The level of support and investment from the organization

offering the conversational Al service can also impact acceptance. Users may be more
likely to accept a service that is backed by a reputable and trusted organization, with

sufficient resources and infrastructure to support the service.
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Can you recommend any additional factors to consider from a sociology perspective?

Certainly! Here are some additional factors to consider from a sociology perspective:

B

1. Cultural norms and values: Cultural norms and values can influence users' acceptance
of conversational Al services. For example, some cultures may place a greater
emphasis on face-to-face communication, which could make users less likely to
accept conversational Al services.

2. Social identity: Users' social identities, such as gender, age, and ethnicity, can
influence their attitudes and behaviors towards conversational Al services. For
example, older users may have less experience with technology and may be less likely
to accept conversational Al services.

3. Power dynamics: Power dynamics between users and conversational Al services can
influence acceptance. For example, users may be more accepting of conversational Al
services that provide them with more control over the interaction.

4. Social structures: Social structures, such as institutions and organizations, can
influence users' acceptance of conversational Al services. For example, workplaces
may require employees to use conversational Al services, which could influence their
acceptance.

5. Social capital: Users' social networks and connections can influence their acceptance
of conversational Al services. For example, if influential individuals in a user's social
network use and endorse a conversational Al service, the user may be more likely to

accept it.
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Can you recommend any additional factors to consider from a psychology perspective?

Certainly! Here are some additional factors to consider from a psychology perspective:

1. Cogpnitive load: Users' cognitive load can influence their acceptance of conversational
Al services. For example, if the service requires users to remember complex
commands or information, users may be less likely to accept and use the service.

2. Attitudes and beliefs: Users' attitudes and beliefs towards technology and automation
can influence their acceptance of conversational Al services. For example, users who
are generally positive about technology may be more likely to accept conversational
Al services.

3. Perceived control: Users' perceived control over the interaction with the
conversational Al service can influence their acceptance. For example, if users feel
that they have little control over the service, they may be less likely to accept and use
it.

4. Perceived enjoyment: Users' perceived enjoyment of the interaction with the
conversational Al service can influence their acceptance. For example, if users find the
interaction entertaining or fun, they may be more likely to accept and use the service.

5. Motivation: Users' motivation to use the conversational Al service can influence their
acceptance. For example, if users have a strong motivation to complete a task, they
may be more likely to accept and use the service.
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Please eapa aph that describes how COVID-19 pandemic affect our untac Please our bankruptcy prediction research can contribute to

The COVID-19 pandemic has had a significant impact on our untact culture, which refers
to the increasing trend of remote communication and digital interactions. The pandemic
has accelerated the shift towards remote work, online education, and virtual socializing,
as people have been forced to stay at home and limit their physical interactions. As a
result, the use of digital technologies has become more widespread, and there has been
a surge in the use of video conferencing platforms, social media, and e-commerce.
However, the pandemic has also highlighted the limitations of untact culture, as people
have become more isolated and disconnected from one another. In response, there has
been a growing recognition of the importance of human connection and social
interaction, and a renewed focus on the value of in-person communication and physical
contact.

Our bankruptcy prediction research has the potential to significantly advance corporate
risk management practices. By utilizing sophisticated statistical models and machine
learning algorithms, we can identify the key financial indicators and trends that are most
closely associated with bankruptcy risk. This allows companies to monitor their financial
health more closely and take proactive steps to mitigate risk before it becomes a serious
problem. By providing more accurate and reliable forecasts of bankruptcy risk, our
research can help companies make better-informed decisions about capital allocation,
strategic planning, and overall risk management. Ultimately, this can lead to more stable
and sustainable corporate performance over the long term, benefiting not only the
company itself but also its investors, employees, and other stakeholders.
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