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® Fintech with Al
® Robo-advisor
® Al-based Investment Decision
® Business Applications of Al
® Data Analytics on Consumers

® Al-based Call center

® Al Business Model
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e CNN: Convolutional Neural Network
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Achievement component

Advancement Ad Me
Mechanics Mon 14 4
Competition

Social component Tue 2 9
Socializing Wed 1 4
Relationship :

Teamwork Thu 14 3
Immersion component Fri 11 §
Discovery Sat 10 4
Customization Sun 5 5
Escapism )
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Yee, N. (2006). Motivations for play in online games. CyberPsychology & behavior, 9(6), 772-775

* Achievement Component

-Advancement: Al LHO| A &5t
-Mechanics: Al LHOIAM M &
- Competitions: CtE AlEt=1t

e Social Component

- Socializing:

~Relationship: &

- Teamwork: 1=

« Immersion Component
- Discovery: CrE AIEXS0| EE2= A= & =
-Role-Playing: Al LHOIA] Z7HAro] Het Q1= (persona)s &5t
- Customization: A& HEIHE FO|= A=
- Escapism: A0 =T X1 o2 2
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e LSTM: Long Short-Term Memory
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Play  Purchase Message Message Reward Best Score

]’ g ®
UserID | Week count  Count Send Receive  Receive Update Churn
30617 l 37 4 57 43 28 2 0
30617 2 25 2 32 27 14 1 0
30617 3 12 0 14 12 9 1 1

User ID Week Sequence of Behavior Churn

30617 1 4.16242.71.13.63.2... 0
30617 > 287.1342421257.. 0
30617 3 3.8.7.1.1.1.1.1.1.1.1.1.... 1
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